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 Digital information has had a significant impact on higher education, transforming the way stu-
dents learn and interact with course materials, professors, and their peers. Education systems that 
place a high priority on learning satisfaction and tutor quality frequently ignore the problem of 
limited access to digital information and technology. In this study, we provide an integrated model 
that examines how the TAM constructs of digital information in education (DIE) are affected by 
digital information flow, technological readiness, learning satisfaction, and tutor quality. We pro-
vide information on the results of a project evaluation that examined how digital information is 
used in higher education. We gathered information from a survey of 594 college students to vali-
date our model and hypothesis. Our research suggests that external factors that improve users' 
technological readiness and learning satisfaction may have an impact on how valuable they per-
ceive DIE to be. A user's traits, particularly their level of technological preparedness, have a sig-
nificant impact on how simple technology is to use. The user's perceived usefulness of the tech-
nology may also be further enhanced in some cultures by the tutor’s perceived excellence. Exter-
nal elements like the flow of information may have a significant impact on the intention to use 
technology. 
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1. Introduction 
 

 
We analyze teachers' perspectives on digital learning at the college level of education in this essay. We look into the potential 
relationships between the following variables and the intention to use digital learning in special education: (1) the smooth 
flow of digital information and the level of technological readiness, in relation to “perceived ease of use” of digital learning; 
(2) the caliber of teachers and the satisfaction of students with their learning, in relation to how useful digital learning is 
perceived to be; (3) the intention to use digital learning about how useful and easy it is perceived. Technology advancements 
have made it feasible to find solutions for problems like collaboration, information access, and communication. Attending 
school utilizing a specific learning technique, however, has grown more difficult in recent years. In higher education, the use 
of digital technologies to improve learning has gained (Dudhat et al., 2021; He et al., 2021; Leshchenko et al., 2021). The 
success of the digital revolution in education has prompted a plethora of research emphasizing the significance of technology 
self-efficacy. While the majority of these studies have focused on technological literacy, several have also looked at how 
digital technologies affect students' access to high-quality material and their ability to study. Through their promotion of 
research possibilities, outcomes, and student performance, these studies have increased the use of digital technology and 
information in education. In earlier research (Börnert-Ringleb et al., 2021; Çetin, 2021; He et al., 2021; Jeffrey et al., 2011; 
Qureshi et al., 2021; Siddiq et al., 2016), the employment of digital technology in formal educational contexts was the main 
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topic of discussion. As digital informal learning is receiving more attention, little study has been done on the variables that 
affect it, including experience, TAM, instructor participation, and student viewpoints. Digital learning in traditional schools 
has challenges, according to earlier studies, but its future in higher education is still uncertain. 
 
2. Literature Review 
 
Much research has been done on the effects of digital technology in educational settings. Inquiries on user literacy and adapt-
ability to the rapid changes in information and communication technologies in the educational setting have been conducted 
(Qureshi et al., 2021; Siddiq et al., 2016). The growth of digital information literacy has been one of the main areas of con-
centration. Traditional teaching and learning methods are being replaced by new ones as a result of the upheaval that digital 
technologies have brought about in many industries, including education. As technology advances and becomes more perva-
sive, people need to be computer literate to fully participate in society and the workforce. The cornerstone for lifelong learning 
is thought to be digital information literacy, as even rudimentary exposure to digital information can support this capacity. To 
help pupils improve their digital communication and information abilities, teachers are extremely important. Focusing on the 
sorts of technology used to accomplish various educational goals, such as accessing, assessing, sharing, and communicating 
digital information, is crucial since the amount of competency in these skills can be influenced by the teachers' literacy skills. 
Studies have demonstrated that teachers' opinions and support have a big impact on how pupils use digital material, thus their 
efforts to encourage its use should be acknowledged. Teachers have a significant impact on how much weight is given to the 
digital world of information for educational purposes (Jeffrey et al., 2011; Moreno-Morilla et al., 2021; Qureshi et al., 2021; 
Siddiq et al., 2016). 
 
The objectives of the earlier study have varied, and some researchers have adopted a new methodology to assess the variables 
that affect how pupils use digital information (Sayaf et al., 2021). This approach focuses on examining the relationship be-
tween “student happiness and sustainability and computer self-efficacy, computer anxiety, perceived enjoyment, and ac-
ceptance of digital learning”. Researchers have been challenged by security concerns related to digital educational resources, 
which has led them to investigate safety concerns and find remedies for threats they perceive (Aydin & Erol, 2021; 
Wahyuningsih et al., 2021). The adoption of digital information has also been the subject of some studies, including ones that 
looked at the application of digital storytelling and its effects on digital literacy. These studies have generally investigated 
different facets of digital information and how it affects students (Börnert-Ringleb et al., 2021; Çetin, 2021). The effects of 
earlier study findings on the use of digital technology in educational settings have been the subject of numerous studies. This 
research has concentrated on several variables, including “computer self-efficacy, computer anxiety, perceived enjoyment, 
and the TAM notions of perceived utility and usability”. The results show that instructors' and students' levels of digital 
literacy have increased despite the difficulties encountered during the introduction of new digital technology, emphasizing 
the usefulness of digital technology in the classroom (Çetin, 2021; Sayaf et al., 2021). According to studies, the main barriers 
to digital learning are student self-regulation and parental support at the organizational level, whereas “self-efficacy and per-
ceived support” have a big impact there. Courses for education teachers and students are advised, together with digital learning 
interventions, to address the issue of self-efficacy (Börnert-Ringleb et al., 2021). The use of digital technology in education 
is also hampered by issues with student attendance, infrastructure, enthusiasm, and commitment, as well as digital issues. It 
is advised to create multimedia content that enables bidirectional engagement to increase inter-institutional cooperation to get 
around these challenges (Aydin & Erol, 2021; Börnert-Ringleb et al., 2021). Recent research has revealed that TAM is a 
critical paradigm for determining the acceptance of digital information in the educational setting, despite the use of multiple 
models to examine the subject. Unlike earlier research, this one focuses on outside variables like tutor quality and learning 
satisfaction rather than the uptake of digital information. These factors have not before been looked at in research on the 
effects of digital information. The study also attempts to investigate the connection between digital information flow, tech-
nology readiness, and TAM components. 
 

3. Theoretical Framework 
 

3.1 Digital Flow Information 
 

Digital information, which represents the flowing continuum used to depict the different degrees of the value of technology, 
affects how effectively technology is accepted (Almaiah et al., 2022). Research has demonstrated a connection between the 
perceived trust in the information received and the information's digital flow. Students are more likely to utilize the digital 
flow of information frequently and continue doing so if they believe it to be trustworthy, which encourages continued usage 
of digital technology's information flow. Innovation modifies learners' views based on their experiences and the sorts of in-
formation offered, which has a negative effect on the digital flow of information (Labrecque et al., 2013; Peltier et al., 2020). 
It is therefore plausible to hypothesize that: 
 

H1: The use of digital information has a beneficial influence and significant impact on the perceived ease of use. 
 

3.2    Technology Readiness  
 
Technology readiness (TR) has an impact on the psychological state of users' behavioral intention to use technology, which 
results from positive thoughts and barriers limiting users' intention to utilize technology (TR). One important component is 
suggested to be TR, which relates to customers' mental readiness to adopt new technology. TR includes four dimensions: 
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innovativeness, optimism, discomfort, and insecurity (Liljander et al., 2006). Threat levels and feelings of unease are linked 
to readiness. According to studies, people feel exposed when using technology and prefer offline tools because they are more 
secure and practical. Users may be reluctant to use technology because of their poor openness to it due to security and privacy 
concerns (Parasuraman, 2000; Parasuraman & Colby, 2001). TR has a major impact on people's tendency to use new technol-
ogies to achieve their goals, making it a vital factor that can either promote or inhibit the adoption of technology. TR is a 
mental condition brought on by users and mental inhibitors who collectively assess their propensity to utilize new technologies 
(Liljander et al., 2006; Parasuraman et al., 2004, 2005). 
 
H2: Technology Readiness has a beneficial influence and significant impact on the perceived ease of use. 
 
3.3 Learning Satisfaction 
 
There are various variables to take into account while examining learning pleasure, such as the caliber of learning, the nature 
of exchanges, instructor feedback, and peer relationships. According to studies, engagement, and learning quality, both di-
rectly affect satisfaction levels. Also, because they have a major impact on learning outcomes and course satisfaction, the 
effectiveness of peer interactions and tutoring can have an impact on satisfaction levels (Dhawan, 2020; Eichelberger & Ngo, 
2018; Kuo et al., 2014). Other elements like teacher quality and online learning preparedness have been connected to learning 
satisfaction. A higher preparedness level and better tutoring quality equate to greater pleasure (Hsu et al., 2019; Joosten & 
Cusatis, 2020). 
 
H3: Learning Satisfaction has a beneficial influence and significant impact on the perceived usefulness. 
 
3.4 Tutor Quality 
 
As e-learning has become more popular, the role of the tutor has changed (Almaiah et al., 2022). The tutor now serves in 
several additional capacities in addition to imparting knowledge to a group of students. When students think their tutor is of 
high quality, they can serve as a facilitator, mentor, problem solver, and help with software or hardware problems (Almaiah 
et al., 2022). A high-quality tutor can inspire students to participate in cutting-edge e-learning settings and feel at ease using 
digital resources (Almaiah et al., 2022). In addition to other duties, the tutor's function has developed to include leading 
specialized online or in-person classes, managing online forums, and offering electronic feedback for online tasks (Kear et 
al., 2014; Teo et al., 2011). High-quality tutors are associated with students' perceptions of their usefulness, which in turn 
affects their intention to use digital material, according to earlier studies. As a result, it is assumed that: 
 

H4: Tutor quality has a beneficial influence and significant impact on the perceived usefulness. 
 

3.5 TAM Model  
 

The TAM model focuses on technology acceptance, which incorporates perceived ease of use and perceived usefulness. A 
collection of attitudes and convictions concerning the acceptability of technology was established by a researcher (Davis, 
1989a). Experience is a crucial cognitive construct that encompasses pleasure and fulfillment (Agarwal & Karahanna, 2000; 
Saadé & Bahli, 2005). Extensive experience consumers prioritize on-time experience and value technology use, which highly 
affects perceived usefulness and ease of use, according to the earlier study. Technology is easy to use for seasoned users, 
making for a comfortable and enjoyable environment (Csikszentmihalyi, 1990). The main areas of focus are perceived expe-
rience, perceived usefulness, and perceived ease of use. Hence, the following hypotheses are proposed: 
 

H5: The perceived ease of use has a beneficial influence and significant impact on the intention to use DIE. 
H6: The perceived usefulness has a beneficial influence and significant impact on the intention to use DIE. 
 

 
Fig. 1. Research Model. 
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4. Research Methodology 
 

4.1 Data collection 
 
The research team delivered 700 online surveys at random to university students in the UAE between January 2 and March 
10, 2023, to gather data. An 85% response rate was achieved from them, with 594 respondents completing the questionnaires. 
However, 106 surveys were disregarded because the results were lacking. The study's sample size (306 responders out of a 
population of 1500) was suitable under Krejcie and Morgan's recommendations (Krejcie & Morgan, 1970). The previous 
theories of digital information constituted the foundation for the hypothesis. Based on the sample size of 594 employed in the 
structural equation modelling (SEM) analysis to verify the hypotheses, the team used SmartPLS Version 3.2.7 to assess the 
measurement model and carry out advanced treatment utilizing the final path model. 
 
4.2 Students’ personal information / Demographic Data 
 
To evaluate the demographic data, IBM SPSS Statistics version 23 was used. 54% of the students that were interviewed were 
female, and 46% were male. The majority of participants had a college degree and were well educated, with 61%, 35%, and 
4% of the students holding master's or PhD degrees, respectively. In contrast to the majority of respondents, who were over 
the age of 29, only 7% of respondents were between the ages of 18 and 29. A "purposive sampling strategy" can be used, 
according to (Almaiah et al., 2022), when respondents are eager to volunteer, as was the case with this sample. The students 
represented a range of ages, educational levels, and universities. 
 
4.3 Study Instrument 
 

A survey instrument was suggested to validate the study's hypothesis, and it was supplemented with an extra 20 items to 
measure the seven questionnaire constructs. To make their findings more useful, the researchers changed the questions from 
earlier experiments. Table 1 provides a history of these structures' genesis. 

Table 1  
Measurement Items 

Constructs Items Instrument Sources 
Intention to Use Digital  
Information 

INT1 I intend to use DIE, which offers access to digital information, in 
the future to improve my education and learn more about the digital 
world. 

(Wang et al., 2009)  

INT1 I want to use DIE as a helping tool to facilitate my search for digital 
material while completing my studies. 

Perceived Ease of Use 
 

PEOU1 Making use of DIE is a simple and clear approach. (Davis, 1989b) 
PEOU2 DIE makes finding, assessing, and choosing digital materials easier. 
PEOU3 Using DIE makes managing and regulating digital information an 

easy operation. 
Perceived  Usefulness PU1 My class participation has improved since including DIE in my 

daily schedule. 
(Davis, 1989b) 

PU2 DIE is an excellent tool that helps me comprehend the practical dis-
ciplines I've chosen to take. 

PU3 I can combine my academic studies with actual, hands-on practice 
by using DIE. 

Technology Readiness  
 

TEC1 I'm ready to use DIE as a tool for finding, choosing, and assessing 
digital information. 

(Parasuraman, 2000) 

TEC2 I'm willing to adopt new technologies, especially those that make it 
simple to access digital data. 

TEC3 I'm open to utilizing new technologies that let me combine my prac-
tical experience with theoretical information. 

Digital Information Flow DGT1 DIE's value comes from its capacity to make information sharing 
between users easier. 

(Vargo & Lusch, 2008) 

DGT2 DIE can stimulate the development of fresh, practical technology. 
DGT3 It is simple for groups to exchange information when using DIE. 

Learning Satisfaction  LRN1 I am happy with DIE because it offers valuable information that 
satisfies my demands. 

(Donkor, 2011; Reigeluth, 
1983) 

LRN2 My high degree of satisfaction with DIE is significantly influenced 
by its utility. 

LRN3 DIE has been a useful tool for me in developing new abilities 
throughout my learning process. 

Tutor Quality TUR1 My tutor uses DIE to clarify course content and aid in my compre-
hension of the curriculum. 

(Teo et al., 2011) 

TUR2 With the use of DIE, my tutor has been a key factor in helping me 
improve my learning abilities. 

TUR3 My tutor gives precise instructions on how to use DIE properly, in-
cluding the steps to take. 
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4.4 Common method bias (CMB) 
 

To guarantee that the collected data did not contain CMB, the study team performed Harman's single-factor analysis employ-
ing seven components (Podsakoff et al., 2003). The newly generated factor only explained 23.59% of the variance once the 
ten components were loaded into a single factor, which is less than the threshold value of 50% (Podsakoff et al., 2003). Thus, 
the collected data was not concerned with the CMB. 

4.5 Pilot study of the questionnaire 
 

To measure the reliability of the questionnaire items, 70 students from the predefined demographic were randomly chosen for 
the pilot study. 10% of the total sample, 700 students utilized for analysis was chosen as the sample size for the pilot study. 
IBM SPSS Statistics version 23 was used to conduct Cronbach's alpha test, which provided accurate results for the measure-
ment items. Table 2 shows Cronbach's alpha values for the five measurement scales; taking into account the trend in social 
science research, a reliability coefficient of 0.70 is considered satisfactory (Nunnally & Bernstein, 1978). 

Table 2  
Cronbach’s Alpha values for the pilot study (Cronbach’s Alpha ≥ 0.70). 

Construct Cronbach’s Alpha 
DGT 0.787 
INT 0.739 
LRN 0.789 
PEOU 0.735 
PU 0.884 
TEC 0.727 
TUR 0.802 

 

4.6 Survey Structure  
 

Three sections make up the questionnaire survey provided to the students.  

• Respondent’s data are the main focus of the first portion,  

• Two items in the second section evaluate respondents' “intentions to use digital information”.  

• “Learning Satisfaction, Perceived Ease of Use, Perceived Usefulness, Technological Readiness, and Tutor Quality” 
are the four categories that the third section's 18 questions that make up it covers.  

A five-point Likert scale with answers ranging from strongly disagree (1), disagree (2), neutral (3), agree (4), and strongly 
agreed (5). 

5. Findings and Discussion   
 

5.1 Data Analysis 
 
The use of PLS-SEM in this study has several justifications. A two-stage assessment approach that used both the structural 
model and the measurement model to evaluate the collected data was used (Hair et al., 2017). With the use of the SmartPLS 
V.3.2.7 program, the data for this paper were analyzed using the Partial Least Squares-Structural Equation Modeling (PLS-
SEM) tool (Ringle et al., 2015). There are various justifications for the usage of PLS-SEM in this investigation. 
 
One of the reasons this approach was chosen for this study is that PLS-SEM examines the full model rather than taking it 
apart (Goodhue et al., 2012). Moreover, PLS-SEM is recognized to function at its peak when relevant prior research or studies 
have been carried out (Urbach & Ahlemann, 2010). The effectiveness with which PLS-SEM can be applied to exploratory 
studies with complex models is another benefit (Hair Jr et al., 2016). Last but not least, PLS-SEM offers concurrent analysis 
for structural models and measurement models, allowing accurate calculations to be made (Barclay et al., 1995). 
 
5.2 Convergent validity 
 
According to Hair et al. (2017), it's crucial to take into account a measuring model's construct validity and reliability to 
evaluate the measurement model. Convergent and discriminant validity are components of validity, whereas composite relia-
bility (CR) and Cronbach's alpha (CA) are components of construct reliability. Table 3 displays the construct reliability as-
sessment CA values, which ranged from 0.815 to 0.892, exceeding the threshold of 0.7. Good construct reliability was also 
indicated by CR values that ranged from 0.808 to 0.862, which were much higher than the required threshold of 0.7 (Nunnally 
& Bernstein, 1994). Testing the Average Variance Extracted (AVE) and factor loading is necessary to determine convergent 
validity (Hair et al., 2017). According to Table 3, the suggested value of 0.7 was less than all factor loading values. The AVE 
values were greater than the threshold value of 0.5, ranging from 0.604 to 0.728, showing acceptable convergent validity. 
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These findings successfully enable the evaluation of convergent validity for each component. As shown by Table 3's results, 
which reveal strong construct reliability and convergent validity based on CA, CR, factor loading, and AVE values, Hair et 
al (Hair et al., 2017) emphasize the significance of evaluating constructs reliability and validity in measuring models. 
 
5.3 Discriminant validity 
 
Evaluating the Fornell-Larker factor and the Heterotrait-Monotrait Ratio (HTMT) is necessary for measuring discriminant 
validity (Hair et al., 2017). Table 4's requirements are supported by the Fornell-Larker factor, as each AVE value exceeds the 
correlation it has with other constructs when the square roots are added (Fornell & Larcker, 1981). 
 
Based on the findings shown in Table 5, which provides the HTMT ratio values, discriminant validity can be evaluated. The 
HTMT ratio is confirmed by the fact that all values for each construct are higher than the permissible cutoff value of 0.85 
(Henseler et al., 2015). The data analysis shows that the validity and reliability of the measurement model are not troublesome, 
allowing for a trouble-free evaluation. The gathered information can therefore be applied to more thorough testing of the 
structural model. 
 
Table 3 
Convergent validity results which assures acceptable values (Factor loading, Cronbach’s Alpha, composite reliability, Dijks-
tra-Henseler's rho ≥ 0.70 & AVE > 0.5). 

Constructs Items Factor 
Loading 

Cronbach's  
Alpha 

CR AVE 

Digital Information Flow 
 

DGT1 0.756 
0.851  0.834  0.645  DGT2 0.858 

DGT3 0.720 
Intention to Use Digital Information 
  

INT1 0.744 
0.824 0.820 0.682 INT2 0.895 

INT3 0.794 
Learning Satisfaction 
  

LRN1 0.885 
0.869 0.859 0.710 LRN2 0.820 

LRN3 0.751 
Perceived Ease of Use  PEOU1 0.800 

0.832 0.844 0.728 PEOU2 0.838 
PEOU3 0.750 

Perceived  Usefulness PU1 0.825 
0.870 0.855 0.711 PU2 0.821 

PU3 0.848 

Technology Readiness 
 

TEC1 0.827 
0.892 0.862 0.621 TEC2 0.909 

TEC3 0.803 
Tutor Quality TUR1 0.739 

0.815 0.808 0.604 TUR2 0.843 
TUR3 0.866 

 

Table 4  
Fornell-Larcker Scale 

 DGT INT LRN  PEOU PU TEC TUR 
DGT 0.811       
INT 0.246 0.809      
LRN 0.125 0.235 0.815     
PEOU 0.686 0.348 0.549 0.895    
PU 0.662 0.320 0.634 0.689 0.838   
TEC 0.644 0.325 0.507 0.695 0.293 0.803  
TUR 0.525 0.248 0.215 0.165 0.337 0.367 0.869 

 
Table 5  
Heterotrait-Monotrait Ratio (HTMT) 

 DGT INT LRN  PEOU PU TEC TUR 
DGT        
INT 0.209       
LRN 0.587 0.224      
PEOU 0.395 0.259 0.107     
PU 0.316 0.492 0.555 0.268    
TEC 0.423 0.618 0.613 0.330 0.675   
TUR 0.522 0.496 0.616 0.309 0.561 0.730  
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5.4 Hypotheses testing using PLS-SEM 
 
The nine hypotheses were jointly tested using the structural equation modelling (SEM) approach (Aburayya & Salloum, n.d.; 
Al-Maroof & Salloum, 2020; Alghizzawi et al., 2020; Davis et al., 1992; Salloum & Shaalan, 2018). The study assessed each 
path's applicability and characterized each path's variance (R2 value) in the study model. Table 7 and Figure 2 show the 
standardized path coefficients and path significance. 
 
According to the R2 values, the empirical data supported hypothesis H1, H2, H3, H4, H5, and H6. The R2 values for perceived 
usefulness, perceived ease of use, and intention to use digital information all fell within the range of 0.695 to 0.745 based on 
the data in Table 6. This shows that these models are quite good at predicting results (Liu et al., 2005). 
 

The results show that Digital Information Flow (DGT) and Technology Readiness (TEC) has significant effects on Perceived 
Ease of Use (PEOU) (β= 0.706, P<0.001), and (β= 0.602, P<0.001); hence H1 and H2 are supported. The results also showed 
that Perceived Usefulness (PU) significantly influenced Learning Satisfaction (LRN) (β= 0.739, P<0.01), and Tutor Quality 
(TUR) (β= 0.653, P<0.01), supporting hypotheses H3 and H4. Finally, the relationships between Perceived Ease of Use 
(PEOU), and Perceived Usefulness (PU) has significant effects on intention to use DIE (INT) (β= 0.447, P<0.05), and (β= 
0.695, P<0.0015) respectively; hence H5, and H6 are supported.  
 
Table 6   
R2 of the endogenous latent variables 

Construct  R2 Results 
INT 0.695 High 
PEOU 0.720 High 
PU 0.745 High 

 

Table 7  
Hypotheses-testing of the research model (significant at p** < = 0.01, p* < 0.05) 

H Relationship Path t-value p-value Direction Decision 
H1 DGT → PEOU 0.706 16.915 0.000 Positive Supported** 
H2 TEC → PEOU 0.602 11.062 0.000 Positive Supported** 
H3 LRN → PU 0.739 10.838 0.001 Positive Supported** 
H4 TUR → PU 0.653 8.315 0.006 Positive Supported** 
H5 PEOU → INT 0.447 5.375 0.023 Positive Supported* 
H6 PU → INT 0.695 12.282 0.000 Positive Supported** 

 

 

Fig. 2. Path coefficient of the model (significant at p** < = 0.01, p* < 0.05) 

6. Discussion of Results 
 
The development of technology has had an impact on universities, which has had an impact on the educational system. To 
increase opportunities for e-research, e-teaching, and e-learning, sophisticated technology platforms are needed. Multimedia 
apps are used to encourage imaginative interactions among technology users. The continued use of digital information in 
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education has been evaluated using a conceptual model, with technological readiness and the flow of digital information 
serving as the main determinants. One of the most important factors in the model is perceived ease of use, and perceived ease 
of use has a direct impact on users' intentions to use DIE. Based on previously suggested linkages, the results of the current 
analysis are congruent with existing literature. 
. 
However, a better sense of usefulness and a greater readiness to utilize digital information can result from having a high-
quality tutor. Several studies have shown that this feeling of usefulness is related to tutor quality and learning satisfaction. 
The tutor's job in a virtual learning environment shifts from imparting knowledge to promoting learning and solving issues. 
These elements can be used to assess the level of perceived usefulness of digital learning resources in the classroom. These 
elements may combine to evaluate the application of DIE (Monardo et al., 2021; Sapta et al., 2021; Teo et al., 2011). 
 
The integrated model's focal point is the TAM, which assesses a person's readiness to use technology by connecting perceived 
ease of use and perceived usefulness to their continued intention to use DIE. Past studies have stressed the significance of 
technology acceptance and how PEOU and PU can be paired with external factors to assess a technology's efficacy based on 
its particular properties. Hence, the current findings are consistent with these past studies and emphasize the importance of 
technological adoption in determining technology effectiveness. 
 
6.1 Theoretical and Practical implications 
 
It would be good to include other external elements with the TAM constructs to increase the theoretical importance of adoption 
and acceptance research. By concentrating on individual differences like tutor quality and learner satisfaction, this study goes 
beyond earlier empirical studies. Deep-learning analysis, as opposed to the conventional SEM analysis used in earlier studies, 
enhances the examination of individual differences. This work sets the ground for further study and makes a substantial con-
tribution to the literature on technological adoption. The suggested methodology also improves the study's findings' predictive 
power. 
 
6.2 Managerial Implications 
 
The study's conclusions may have a favorable influence on future methods of instruction in universities and other educational 
institutions. According to the study, customers' perceptions of the value of technology are influenced by both the particulars 
of the technology itself and their tastes and needs. This might encourage administrative employees to adopt a more creative 
mindset, transforming the learning environment through the use of digital educational tools, and offering a greater variety and 
quality of digital educational experiences. Developers can concentrate on the usability and efficacy of their technology, similar 
to how users perceive ease of use and perceived usefulness, to build effective digital products. Instructors and proponents of 
technology should encourage students to use online resources for learning as a supplement rather than as the only source of 
information. Future studies should take into account gender-based individual differences in personal choices, values, and 
academic success. Students who have a positive view of the learning environment will be more inclined to use technology, 
which will accelerate the development of digital education over time. 
 
7. Conclusion, limitations and Future Studies 
 
Education has been greatly impacted by the digital revolution. To enhance learning, “digital technologies” have sparked a lot 
of interest in higher education (Almaiah et al., 2022). Technology can now be used to solve issues with cooperation, business, 
information access, and communication. It has become more challenging in recent years to get an education via alternative 
learning methods (Almaiah et al., 2022). So, educational institutions have a responsibility to reconsider the value of “digital 
information technology” as a tool for educational instructional portions (Almaiah et al., 2022). To contribute to society and 
do their occupations effectively, people need to be literate in “digital information”. Professionals in education are crucial to 
improving digital literacy. The foundation for the ability to pursue lifelong learning as a result of exposure to “digital infor-
mation” is regarded to be digital literacy. There are some flaws in the current study. First of all, the sample is limited to a 
group of university students who have selected a variety of majors. Although the study does not address gender inequities 
among university students, future research may focus on the individual differences among individuals. Second, just a few 
external factors that might be directly related to the TAM constructs are included in the conceptual model. Third, even though 
the survey was distributed online and through the internet and social media, surveys may be distributed differently in the 
future, especially if the pandemic's harmful impacts begin to subside. Fourth, this analysis focuses only on educational settings 
where the DIE will significantly alter the conditions for teaching and learning (Kabát, 2016; Louro, 2009). Future studies 
might focus on monetary or medical institutions. 
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